Digital Field Phenotyping
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ARTIFICIAL
INTELLIGENCE

Early artificial intelligence
stirs excitement. MACHINE
| EARNING NEURAL NETWORKS

DEEF

1950's 1960's 1970’s 1980°s 1990's 2000's 2010's

https://blogs.nvidia.com/blog/2016/07/29/whats-difference-artificial-intelligence-machine-learning-deep-learning-ai/
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Thermal Imager #7572 (Wasserhaushalt)
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Carrier systems (S-Fha 250)

Drone systems (FE APLRSE) Mobile ground systems (¥3)HiH R50)

= Fast and easy usage (5 {fH4#) = Multiple sensors (£ Fh L/ 28)
= Very high throughput (EUE B H & KD = Alternative, if drones are not usable
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Stationarﬁground systems
([ 5E HU T R 48)

= Multiple sensors (£ FhfLE2e)

= Especially suitable for high temporal
resolution
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Automation enables high-throughput ... starting with digital sowing
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data analysis pipeline for phenotypic data (R $dE 31T P HAE)

Automatic data Geocodin Spatial data : Digital plant
acquisition ﬂﬁ@%ﬁzﬂ extraction trait
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Phenotyping dataflow (7 %¥dE i)

Data acquisition pg%(]itevs\’fgpeg Traits & Maps Breeding
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Added value of digital value: %4 K E 4

« Reducing amount of varieties i/ i Fh$ &=
* Reducing time of whole breeding process
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